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Quantifying the Value of a
View in Single-Family
Housing Markets

How much is a “good view” worth in a single-family housing market? While the mar-
ket value of a view amenity may be difficult to estimate, this article demonstrates the
use of multiple regression analysis to estimate the value of a view in a residential
housing market. Although the empirical results may be location specific, the basic

technique itlustrated here could be used in other markets.

Determining why housing prices dif-
fer, and how much this difference can be
attributed to particular distinguishing fea-
tures, is a difficult task. The market value
of “a good view” may be difficult to es-
timate. Paired-sales analysis may be used
to estimate the value of a view when ap-
propriate comparables are available; how-
ever, appropriate comparables are often
unobtainable, making it difficult to si-
multaneously examine several features that
are believed to affect real estate prices.
Adjustments for items that are diffi-
cult to measure (e.g., a view amenity),
however, may significantly contribute to

the value of a property, and therefore
should be examined by appraisers. The
Appraisal Institute recommends that ap-
praisers consider the view of a parcel of
real estate when estimating property
value.! The standard appraisal form re-
quires, when appropriate, an adjustment
for view.? There is little guidance, how-
ever, on how to arrive at an adjustment
amount, especially when paired sales are
not available.

Multiple regression analysis (MRA) can
be a useful tool in estimating the appro-
priate adjustment for a view amenity. In
this article, MRA is applied to estimate the

1. Appraisal Institute, The Appraisal of Real Estate, 10th ed. (Chicago: Appraisal Institute, 1992), 301

2. Jbid., 567.
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market value of a view amenity in a res-
idential real estate market.?

An informal survey of real estate
professionals active in the subject area re-
vealed that homes with attractive views
are preferred to homes without such
views. However, some sales agents said
that the marketplace does not provide a
premium for sellers of homes with good
views, while others suggested that homes
with good views often sell for 5% to 15%
more than comparable homes that do not
provide these views.*

DATA

The data for this study come from Fairfax
County, Virginia. A typical regression
model for residential real estate is em-
ployed. Models such as these tradition-
ally include variables to control for phys-
ical and location characteristics, market
conditions, and unusual conditions of sale,
such as nonmarket financing. We control
for location characteristics by selecting
sales from the same geographic subarea
of Fairfax County.

None of the transactions in our sam-
ple contains any unusual conditions of
sale. Transactions involving duress (e.g.,
foreclosure or eminent domain cases);
transfers between related parties; trans-
fers of convenience (e.g., to correct title,
to create joint tenancy, to avoid a lien);
transfers to nonprofit institutions; trans-
fer of doubtful titles (e.g., questionable
spedial warranty deed or quit claim deed);
transfer of partial interest; and transfers
involving nonmarket financing are not in-
cluded in the sample.

For further control purposes the data
had to meet the following criteria: 1) the
zoning is residential and the land use is
residential, single-family, and detached;
2) the sale date must be between the start
of 1985 and the end of 1991; 3) the prop-

erty is not exempt from local property
taxes; and 4) the property must be pur-
chased by an owner—occupant.

There are many variables that could
be included in a real estate pricing model.
Any variable that is believed to signifi-
cantly affect the value of real estate could
be considered. To be included in a model,
the characteristics should vary among at
least a few of the properties being ana-
lyzed. If there is no variation in a partic-
ular characteristic, there will be no need
to make adjustments for that characteristic.

Any empirical model can be subject
to criticisms regarding the exclusion of
particular variables or the functional form
employed.® The best an appraiser can do
is to use a model believed to most reflect
the “true” model. Appraisers must of
course be able to gather data to control
for the characteristics of interest. In this
study, we control for all of the varying
characteristics that affect the value of the
properties under study, and for which we
were able to obtain data.

All homes in this sample have air
conditioning and none are in a recorded
floodplain. Therefore these characteristics
are not a part of our model. The total
sample contains 194 observations.

MODEL

The model to be estimated is:
LNSP, = f(BED,, BATHS,, OTHRMS,,
LANDAREA,, VIEW,
YEAR,, SQOUT,, WF,, AGE)
where the dependent variable LNSP; is
the natural log of the sale price of the ith

house in year t, and the independent
variables are defined as follows:®

BED; = Number of bedrooms’
BATHS; = Number of bathrooms
OTHRMS; = Number of other rooms

. For a review of the basic issues related to MRA see Lloyd T. Murphy IlI, “Determining the Appropriate Equation in
Multiple Regression Analysis,” The Appraisal Journal (October 1989): 498-517. See also Appendix B in The Appraisal of
Real Estate. For a more in-depth discussion see George G. Judge et al., Introduction to the Theory and Practice of Econo-
metrics, 2d ed. (New York: John Wiley & Sons, 1988); and William H. Green, Econometric Analysis, 2d ed. (New York:
Macmillan Publishing Company, 1993).

- Obviously, all parcels of land provide a view of one form or another even if it is a neighbor’s brick wall. In this study
we are defining view as a “good view”; that is, something that a typical buyer is likely to find appealing.

5. Excluding variables may lead to biased estimation.
6. The results are qualitatively the same when sale price is the dependent variable.

- We would prefer to include the square footage of living space as an explanatory variable, but only room count data
were available. The model was checked for multicollinearity and little correlation was found between the variables in
the model.
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LANDAREA; = Lot size in thousands of
square feet
VIEW; = 1 if the house has a good
view and zero otherwise®
YEAR, = 1if the house sold in year
t and zero otherwise
SQOUT; = Amount of constructed
space other than the
house in thousands of
square feet. (This in-
cludes garages, carports,
and work sheds.)
WF; = 1 if the house has wood
floors and zero otherwise
AGE; = Age of the house in years

It is expected that buyers will pay more
for more space. Therefore the number of
bedrooms, bathrooms, other rooms,
square feet of constructed space outside
of the house, and land area are expected
to be positively related to sale price. Sim-
ilarly, buyers are expected to pay more for
more costly amenities such as wood
floors.” Wood floors are therefore ex-
pected to be positively related to sale price.

Further, buyers are expected to pay
more for homes with nicer views than
similar homes without views. If appro-
priate data were available, one could es-
timate how different views are related to
house prices (e.g., views of lakes or golf
courses could be examined). This study is

limited to an examination of homes with
a good view in general versus those with-
out such a view. View is expected to be
positively related to sale price.

Age should be negatively related to
sale price because, all else being equal,
older houses have experienced greater
depreciation. The time variables that con-
trol for market conditions are expected to
be positively related to sale price. In light
of the appreciation experienced in the
subject market, the time variable coeffi-
dents are expected to be positive and large
in magnitude for most of the time periods
studied.

Table 1 contains descriptive statistics
for the variables used in the model. The
average home sold for about $281,000.
Twenty-seven, or about 14%, of the homes
in the sample have a good view. The av-
erage age of the homes in the sample is
about 14 years. Approximately 17% have
wood floors. The sample is evenly dis-
tributed through time with each year con-
taining about 15% of the sales.

RESULTS

Initially, ordinary least squares is used to
estimate the model. Overall, the model is
significant at the 1% level of significance
(f-value = 38). The adjusted R? indicates
that about 73% of the variance in the de-

TABLE 1 Descriptive Statistics for Sample of 194 Singie-Famity Detached Homes in Fairfax County,

Virginia
Standard

Variable Mean Devigtion Minimum Maxicnum
SP 281,010 167,500 455,737
BED . 3.845 SN 3 5
BATHS 3263 626 2 5
OTHRMS 4.665 908 3 7
LANDAREA* 17.426 1.341 4743 88.818
VIEW 439 0
YEAR8B6 470 0
YEARS7 444 0
YEARS8 455 0
YEARS9Q 449 0
YEARSQ 429 0
YEARM 460 0 1
SQOUT* 2322 461 1.268 3934
WF 465 0 1
AGE 13.881 6272 2 28

“in thousands of square feet.

8. The classification of which houses possess a good view was provided by the Office of Assessments of Fairfax County,

Virginia.

9. In this study, the homes that did not have wood floors possessed floors made from less costly materials such as

linoleum.



TABLE 2 Regression Resulls®

pmdent variable is explained by the in-
d

ent variables. Estimated

The results were checked for serial Varicble Coefficient FRatio
wmhﬁﬁﬂ and hetemskedasticity.m No CONSTANT 114520 12030

lems associated with serial correla- BED 0682 319
tion were found, but there is evidence of BATHS 0666 408
heteroskedasticity. The form of hetero- OTHRMS 0207 193
sk,edﬂﬁﬁﬂty is unknown; therefore, we LANDAREA 0019 3146
used White’s heteroskedasticity-consistent
covariance matrix estimation procedure
to correct for the unknown form." mmlqséag

Table 2 displays the results after ad- YEARSS
justing for heteroskedasticity. All inde- YEARS?

ent variables have the expected sign YEARSO
and all are strongly significant. The time- YEAR
trend variables that control for market SOV
conditions show that house prices in- AGE
creased through the second half of the .
1980s, P, | by a decline in 1991. oy it

Of particular interest for this study, a FValue = 38019

good view (VIEW) is positively related to
the sale price and is significant at the 5%
level. An appraiser making an adjust-
ment in the studied geographic area would
add about 8% to reflect the market value

“Al estimated coefficients have e expecied sign anda ail are
strongly significant. Of particular interest for this study, o good
view (VIEW) is postively related fo the dependent voriable
(LNSP), ond is significant at the 5% level.

of a good view." especially when appropriate comparables
for paired-sales analysis are not available.
CONCLUSION For the housing market examined, a good

view adds about 8% to the value of a sin-

The hypothesis that a view amenity has  gle-family house.

no effect on the market price of residen-
tial real estate is rejected for this partic-
ular dataset.” This article illustrates how
MRA can be used to arrive at an estimate
of the market value of a good view. This
may be useful for appraisers to apply
when the needed data are available, and

Appraisers should remember that
there may be excluded variables for any
model to be estimated and that countless
potential functional forms exist. There-
fore, MRA is meant to be a useful tool for
analysis rather than a replacement for
good judgment in appraising.
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